Z NPT |

A Particle Swarm Optimization Based Online

Learning Mechanism for Quality Prediction Models :

A Case Study on Thin-Film Thickness Prediction

of Semiconductor Wafers
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In advanced semi-conductor manufacturing, all the
processes should be periodically monitored to maintain
high stability and yield. As a result of this > production cost
and time will also be increased ° In this research, an
on-line process diagnosis system designed by Support
Vector Regression (SVR) and Support Vector Data
Description (SVDD) to construct a wafer film thickness
predictor to take care of this issue is established. In order
to reduce the time of optimal SVR-model establishment,
Particle Swarm Optimization (PSO) is adopted to search

for an optimized set of SVR parameters. From the real
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data provided by a foundry in Hsin-Chu Science Park, it is
proved that a more precise and efficient system is obtained

to achieve the goal of real time and on-line monitoring.
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