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Cutting tool wear is found to have a direct
impact on the surface quality, dimensional precision
and ultimately cost of the finished product. Besides,
the cost of cutting tools and their replacement
accounts for between 3 % and 12 % of total
production costs. Therefore, the detection of tool

failures is essential to improve manufacturing
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quality and to increase productivity. In order to
develop factory automation, real time tool wear
estimation in machining processes is also an
important task. Hence, a new cutting tool wear
forecast technique based on machine learning
method is proposed in this article. For verifying the
proposed technique, the actual tool wear data
provided by the PHM 2010 contest has been used in
the article. The experimental results show that the
mean absolute percentage error of the tool wear
forecast is equal to 9.57 %. This means that the

proposed tool wear forecast technique has a good

forecast performance.
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